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Abstract; SILAM (simultaneous localization and mapping) algorithm based on monocular vision
and IMU has been widely used in mobile robot navigation systems, due to low hardware cost,
small size, and low computational resource consumption. The Mono SLAM system can calculate
the robot pose information by solving the Epipolar geometry. However, when the translation of
the robot is zero (pure rotation), the solution will drift. In this paper, we propose a new method
that integrates the data of the magnetometer into the monocular vision SLAM algorithm, which
can not only solve the problem of the attitude solution drift under pure rotation but also improve
the solution accuracy. Both simulation and real experiment results show that, compared with the
traditional SLAM algorithm., the proposed algorithm has the advantages of high precision and good
robustness.
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