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An Adaptive Maneuverable Vehicle Control
Method Based on Neural Network
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Abstract: Considering the heavily coupling, fast time-varying and high uncertainty of
maneuverable vehicle, six degrees of freedom rigid body model was built. The attitude motion
model was separated into fast states subsystem and slow states subsystem in the time scale and dy-
namic inversion control system was designed. Then, an adaptive control method based on neural
network was researched in the paper. The principle of neural network compensating dynamic in-
version error, the choice of network inputs and the weight matrix update law were analyzed in de-
tail. The validity of Neural Network adaptive control method was elaborated by six DOF simula-
tions.
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